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Dataset # Tasks Task Type # Molecules

ClinTox 2 Classification 1484
Sider 27 Classification 1427
Tox21 12 Classification 7831
ToxCast 617 Classification 8597
ESOL | Regression 1128
FreeSolv 1 Regression 643
Lipophilicity 1 Regression 4200

Table 1: Statistics of seven molecular datasets.
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Model Graph Classification (ROC-AUC) T Graph Regression (RMSE) |
ClinTox | Sider | Tox21 | ToxCast | Cls.Ave | ESOL | FreeSolv | Lipophilicity | Reg.Ave

AttentiveFP 0.808 | 0.605 | 0.835 0.743 0.748 0.578 1.034 0.602 0.738
DMPNN 0.886 | 0.637 | 0.848 0.743 0.779 0.647 1.092 0.591 0.777
CoMPT 0.877 | 0.626 | 0.836 0.755 0.774 0.589 1.103 0.590 0.761
SGCN 0.825 | 0.560 | 0.769 0.656 0.703 1.329 2.061 1.075 1.488
MAT 0.898 | 0.619 | 0.834 0.735 0.772 0.624 1.059 0.705 0.796
HMGNN 0.680 | 0.607 | 0.794 0.702 0.696 0.701 1.207 0.720 0.876
DimeNet 0.760 | 0.615 | 0.780 0.645 0.7000 | 0.633 0.978 0.614 0.742
InfoGraph 0.781 0.585 | 0.793 0.705 0.716 0.914 2.104 0.845 1.288
MoCL 0.739 | 0.629 | 0.824 0.718 0.727 0.934 1.478 0.742 1.051
GeomMPNN | 0900 | 0.638 | 0.838 0.743 0.780 | 0.555 0.913 0.578 0.682
GeomGCL 0919 | 0.648 | 0.850 | 0.763 0.796 | 0.575 0.866 0.541 0.661
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Figure 4: Evaluation of GeomGCL with its variants.
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