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Abstract: Existing deep learning-based fake news detection methods are defected in dealing with face of noise and
hostile information. This paper proposes an adversarial graph-enhanced contrastive learning method to address this
issue. It introduces adversarial contrastive learning so that the model can maximize the mutual information between
the enhanced graph and the original graph. Specifically, this model also applies a feature enhancer to the graph rep-
resentation contrastive learning. Experimental results on two public datasets show that the proposed model achieves
state-of-the-art performance.
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